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Introduction

I wrote this book for recruiters who already know the basics and

are tired of messy debriefs, vague feedback, and interview loops

where the loudest opinion wins.

Over the years, recruiting was never separate from my work. I

have hired engineers, managed interview loops, rebuilt hiring

processes, and sat on both sides of the table often enough to

know that most interview chaos is not caused by bad people. It is

usually caused by bad structure.

A good scorecard fixes more than documentation. It clarifies what

the team is measuring, who owns which part of the interview, and

what evidence counts. That sounds modest. In practice, it changes

the whole loop.

This book is a practical guide to building scorecards that

interviewers will actually use: specific enough to improve

consistency, simple enough to complete quickly, and structured

enough to make debriefs less subjective. If you are reading other

books in this series, this one sits in the operational middle. It is

about turning hiring judgment into something the team can

compare and defend.
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Why unstructured interviews create so
much noise

If you have run even one real hiring loop, you know the pattern.

Several people meet the same candidate and come back with

several different versions of reality. One says, “strong engineer.”

Another says, “not senior enough.” Someone else says, “great

communication, but I can’t explain my hesitation.” By the debrief,

the strongest opinion often outweighs the strongest evidence.

That is interview noise. Not healthy disagreement about tradeoffs,

but variation created by the process itself: different questions,

different standards, different memories, and different definitions

of what “good” looks like.

In my experience, this rarely starts with bad intent. Most

interviewers are trying to help. The problem is that an

unstructured interview asks each person to invent the

requirements, the method, and the scale in real time. Naturally,

they do not invent the same one.

Recruiters end up doing the repair work. You translate “I liked

them” into something usable. You chase people for context. You

try to work out whether “not a fit” meant weak system design,

unclear communication, or one person’s private preference.

Recruiting can feel oddly forensic for this reason.
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A scorecard solves that problem at the source. I do not mean

paperwork for the sake of paperwork, or another expensive

applicant tracking system feature everyone politely ignores. I

mean a shared decision tool: a short list of role-specific criteria, a

clear rating scale, and written evidence.

In practical terms, a scorecard answers three questions before

interviews begin:

1. What are we evaluating?

2. Who is evaluating which part?

3. What evidence counts?

That structure matters. A meta-analysis of employment interviews

found that structured interviews tend to predict job performance

better in part because they focus on job-relevant constructs such

as knowledge and skills rather than loose impressions (Huffcutt et

al. (https://pubmed.ncbi.nlm.nih.gov/11596806/)). That matches what I

have seen: the more specific the criteria, the less room there is for

vibe to masquerade as judgment.

The biggest source of noise in most loops is overlap. Everyone

asks broad questions, everyone forms a global opinion, and you

end up with repeated coverage of the same area and blind spots

elsewhere. Greenhouse (https://www.greenhouse.com/guidance/how-focus-

attributes-improve-comparability-of-interview-scorecards) makes the same
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point: comparability improves when interviewers are assigned

focused attributes instead of scoring the whole person in an ad

hoc way.

What noise looks like in a hiring loop

PATTERN WHAT HAPPENS
COST TO THE

TEAM

Vague feedback "Strong" or "not a fit"

with no evidence

Hard to compare

candidates

Question

overlap

Interviewers test the

same area repeatedly

Blind spots

elsewhere

Inconsistent

standards

Each interviewer uses a

private bar

Ratings mean

different things

Late debrief

memory

People reconstruct the

interview later

Confidence rises as

accuracy drops

Good scorecards separate observation from conclusion.

“Candidate explained the tradeoff between speed and

maintainability” is useful. “Seems senior” is incomplete.

They also protect the debrief. Require written feedback before

discussion and before anyone can read the rest of the panel.

Greenhouse (https://www.greenhouse.com/guidance/how-scorecard-peeking-c
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an-create-bias-in-hiring) found that scorecard peeking can bias ratings.

And speed matters: Ashby (https://www.ashbyhq.com/talent-trends-report/

reports/recruiting-coordination) reports that most scorecards are

submitted within a median of two hours. Fresh notes beat heroic

reconstruction the next morning.

AI makes structure more important, not less. Candidates are

skeptical of AI-led evaluation. Gartner (https://www.gartner.com/en/ne

wsroom/press-releases/2025-07-31-gartner-survey-shows-just-26-percent-of-job-a

pplicants-trust-ai-will-fairly-evaluate-them) reported that only 26% of

candidates trust AI to evaluate them fairly. At the same time,

more candidates are using AI during the process, and Greenhouse

(https://www.greenhouse.com/uk/newsroom/an-ai-trust-crisis-70-of-hiring-mana

gers-trust-ai-to-make-faster-and-better-hiring-decisions-only-8-of-job-seekers-call-it

-fair) says 36% of U.S. job seekers report using AI to alter their

appearance, voice, or background during video interviews. In that

environment, you want more job-relevant evidence, not more

opacity.

✓ What a scorecard is really for

A scorecard does not remove judgment. It gives judgment a
common language, a clear target, and evidence the team can
compare.

A scorecard does not make hiring mechanical. It makes the

human part more trustworthy.
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What a good tech interview scorecard
actually measures

A good scorecard measures evidence of success in the job, not

everything the team finds interesting. That sounds obvious until

you read many scorecards in the wild and find categories like

“technical excellence,” “culture,” “executive presence,” or “overall

fit,” which can absorb almost any opinion someone forgot to

justify.

Start with the work, not the job description. Job descriptions are

usually inflated wish lists. A scorecard has to be stricter. SIOP (http

s://www.siop.org/wp-content/uploads/legacy/SIOP%20Considerations%20and%

20Recommendations%20for%20the%20Validation%20and%20Use%20of%20AI-B

ased%20Assessments%20for%20Employee%20Selection%20010323.pdf) says

assessment content should match real job tasks and work

products. In plain terms: what will this person need to do,

repeatedly, with reasonable independence?

From there, choose a short list of criteria tied to that work.

Usually five to seven is enough. More than that creates the

illusion of rigor while collecting duplicated, inconsistent data.

The categories will vary by role, but the logic stays the same:
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Technical problem solving: how the candidate breaks down
a problem, tests assumptions, makes tradeoffs, and recovers
when stuck.

System thinking: how they reason about interfaces,
dependencies, failure modes, maintainability, performance,
and operational impact.

Communication: whether they explain decisions clearly, ask
clarifying questions, and adjust detail to the audience. Not

polish. Not charisma.

Collaboration: how they handle feedback, disagreement, and
cross-functional work without turning everything into an
incident.

Role-specific depth: the expertise that matters for the actual

role, such as application programming interface (API) design,
debugging, threat modeling, or production reliability.
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Turn vague categories into observable ones

AVOID USE INSTEAD
WHAT THE INTERVIEWER

LOOKS FOR

Technical

excellence

Technical problem

solving

Breaks down problems,

tests assumptions, makes

tradeoffs

Executive

presence

Communication Explains clearly, asks

clarifying questions, adapts

detail

Culture fit Collaboration Handles feedback, works

through disagreement,

partners effectively

Strong AI

mindset

Applied ML or AI

judgment

Chooses tools appropriately,

understands limits and

evaluation

The key is observability. “Strong communicator” is vague.

“Explains tradeoffs clearly and asks useful clarifying questions”

gives the interviewer something to look for.

You also need to separate must-haves from preferences. Strong

debugging ability is not the same as prior fintech experience, and

putting them side by side with equal weight is how preferences

start pretending to be requirements.
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This is where structured interviews help. The same meta-analysis

by Huffcutt et al. (https://pubmed.ncbi.nlm.nih.gov/11596806/) found

higher validity partly because structured interviews focus more on

constructs tied to job performance than on loose impressions. The

more specific the criterion, the less room there is for debrief

theater.

Different roles need different emphasis. A junior software

engineer may lean more on problem solving, code fundamentals,

and coachability. A staff engineer may need more system

judgment and influence without authority. An engineering

manager may need less algorithmic depth and more decision-

making, people leadership, and cross-functional communication.

AI-related roles need extra discipline because teams often confuse

fluency with substance. For a machine learning (ML) engineer, I

want the scorecard to separate real engineering judgment from

buzzword familiarity. Can the candidate choose an approach that

fits the problem, data, latency, cost, and reliability constraints? Do

they understand evaluation and failure cases? Prompt fluency

alone is not depth.

AI can help draft scorecards or question banks, but it should not

invent your hiring criteria. Employ’s 2025 Recruiter Nation Report

(https://pages.employinc.com/rs/659-JST-226/images/2025-Employ-Recruiter-Na

tion-Report.pdf) says 65% of recruiters are using AI to augment

recruiting technology, mostly for lower-stakes support tasks such

as job descriptions, communications, marketing content, and
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interview questions. The same report notes concern about

compliance, bias, and return on investment, and a shift away

from using AI for high-stakes decisions. That boundary makes

sense to me. SIOP’s practitioner guidance (https://www.siop.org/wp-co

ntent/uploads/2025/09/632.pdf) also recommends human review of AI-

generated assessment materials, which is one of those boring

rules that prevents very interesting mistakes.

⚠ What stays out of the scorecard

Anything vague, duplicative, or preference-based: culture fit,
polish, pedigree, tool-name bingo, and categories that measure
the same signal twice.

One more rule I would keep: do not have every interviewer score

every category. Focused coverage is cleaner. Greenhouse (https://w

ww.greenhouse.com/guidance/how-focus-attributes-improve-comparability-of-inte

rview-scorecards) argues that focused attributes improve

comparability, and that has been my experience too.

A usable scorecard is not a personality test. It is a short list of job-

relevant signals written so interviewers can observe them

consistently.
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Building the template interviewers will
actually use

A scorecard template is where structured hiring becomes real. If a

busy interviewer cannot complete it in a few minutes, the design

is wrong.

The rule is simple: every field should help answer one question,

what did I observe, and what does it mean against the role? If a

field does not improve that answer, remove it.

Here is the template I recommend as a default:
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Practical interview scorecard template

FIELD WHAT GOES THERE
KEEP IT

CONCISE

Criterion Specific skill or

behavior being

assessed

One short

phrase

Interviewer focus

area

What this interviewer

owns

Narrow, not

everything

Rating Standard scale with

written anchors

Pick one rating

only

Evidence notes Observed examples,

quotes, decisions,

trade-offs

Bullets, not

essay

Risk flags Concerns needing

follow-up

Only job-relevant

risks

Overall

recommendation

Hire, lean hire, lean no,

no hire

Separate from

rating rationale

That is enough for most loops. You do not need twelve custom

fields and a taxonomy that looks like it was designed by an

especially determined committee.
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The most important part is the rating scale. I prefer a simple four-

point scale because it forces a choice and avoids the comfortable,

useless middle:

4 - Strong evidence

3 - Acceptable evidence

2 - Weak or inconsistent evidence

1 - No evidence or negative evidence

The numbers matter less than the anchors. If one interviewer

reads “3” as solid and another reads it as barely passed, your data

is muddy before the debrief starts.
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Example rating anchors

RATING ANCHOR
WHAT THE NOTES SHOULD

SHOW

4 Strong evidence Clear, repeated examples with

sound reasoning

3 Acceptable

evidence

Meets bar with solid but not

standout evidence

2 Weak or

inconsistent

evidence

Some signs of skill, but gaps or

shaky reasoning

1 No evidence or

negative evidence

Could not demonstrate skill, or

showed concerning judgment

A good template also separates criterion from interviewer focus

area. The criterion is the thing being measured, such as

debugging or stakeholder communication. The focus area is what

this interviewer owns in the loop. Without that split, everyone

ends up rating the same broad traits and you get five versions of

“seems solid.”

For evidence notes, I tell interviewers to write bullets, not essays.

Three to five bullets is usually enough if they are specific.

Good notes look like this:
17



Identified caching and database indexing as likely bottlenecks
before proposing redesign

Asked clarifying questions about write volume and failure

tolerance

Chose a simpler API shape first, then explained how to extend
it safely

Needed significant prompting on monitoring and rollback
plan

Bad notes look like this:

Smart

Good communication

Senior

Would work well with team

Those are conclusions, not evidence.

Risk flags should be narrow and job-related. “Not my style” is not

a risk flag. “Could not explain testing strategy for production

changes” is.

The overall recommendation should be separate from detailed

ratings. That lets an interviewer say, for example, “strong on

decomposition, weak on operational thinking, overall lean no for

this role.” One number should not be carrying the entire decision

on its back.
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If you want concise definitions for each criterion, use a simple

pattern:

what good looks like

what interviewers should look for

what does not belong in the criterion

Example criterion definitions

BACKEND ENGINEERING

API and data design: designs interfaces and data models that

are clear, context-appropriate, and aware of trade-offs.

LOOK FOR

Clarifying questions

Edge cases

Versioning

Performance considerations

DO NOT INCLUDE

Minor syntax mistakes unless the interview explicitly measures

coding fluency.

Define the scorecard before you finalize the interview loop, not

after. Greenhouse’s structured hiring guidance (https://www.greenhou

se.com/guidance/how-to-implement-structured-hiring-steps-2-and-3-defining-your
19
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-scorecard-and-planning-your-interview?lang=en) is right on this: define

the attributes first, then design the interviews around them.

And if you want one operational metric, track whether scorecards

are submitted promptly and before the candidate moves to the

next stage. Ashby (https://www.ashbyhq.com/talent-trends-report/reports/re

cruiting-coordination) defines scorecard submission rate that way,

which I like because it measures whether feedback was available

in time to matter.

If your template needs more explanation than the engineering

architecture doc, simplify it.
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Using scorecards inside the interview
process

A scorecard only improves hiring when it shapes the workflow.

Used properly, it becomes the spine of the loop.

Build it at intake, before interviews are scheduled. Define the real

work of the role with the hiring manager and at least one person

who actually understands that work. If you are hiring a Site

Reliability Engineer (SRE), the engineer focused on keeping

production systems reliable and handling incidents, do not let the

scorecard be written entirely by people who have never carried a

pager. This should be obvious. It is not always obvious in a rushed

kickoff.

Once the attributes are clear, map the panel to them. Do not ask

every interviewer to assess everything.
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Example panel-to-scorecard mapping

INTERVIEW PRIMARY AREAS
NOT RESPONSIBLE

FOR

Technical

screen

Core problem solving,

coding fundamentals

Leadership, broad

culture judgments

System

design

Architecture, trade-offs,

scalability

Detailed coding

execution

Hiring

manager

Role scope, priorities,

cross-functional work

Re-scoring technical

depth already covered

Peer

interview

Collaboration,

feedback, day-to-day

execution

Final yes/no decision

Each interviewer should know exactly what evidence they are

expected to collect. I like to give them three things: the attribute

definition, examples of strong and weak evidence, and a few

follow-up prompts.

Calibration matters just as much as design. Before interviews

begin, align on what each rating means for this role. What counts

as meeting the bar for a mid-level engineer in system design?

What evidence would count as below the bar? If you skip this, the

debrief becomes a translation exercise.
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⚠ Calibration rule I would not skip

Ban unsupported labels. If an interviewer says 'great
communicator' or 'not senior enough,' the next question is:
what did you observe that supports that rating?

During the loop, require scorecards to be submitted promptly and

before debrief. Ashby (https://www.ashbyhq.com/talent-trends-report/report

s/recruiting-coordination) found that feedback is commonly submitted

within about two hours, and that is a sensible benchmark.

Just as important, do not let interviewers read each other’s

scorecards before submitting their own. Greenhouse (https://www.gr

eenhouse.com/guidance/how-scorecard-peeking-can-create-bias-in-hiring) found

that peeking can bias ratings. I have seen this happen in very

polite ways, which is still bias.

The debrief itself should be short and evidence-led. Compare

interview areas one by one: what evidence was gathered, what

rating was given, and where do we disagree? Useful disagreement

is about evidence quality or role relevance. “I just have a feeling”

is not useful disagreement.

For final decisions, do not average ratings mechanically, but do

not ignore them either. Look at must-have attributes, quality of

evidence, and missing data. A miss on a noncritical area should
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not outweigh repeated strong evidence on core requirements. A

serious miss on a must-have area should not be talked away

because the candidate was charming.

AI can help around the edges. I am comfortable using it to draft

interviewer kits, summarize notes, or flag missing evidence. That

matches how teams are actually adopting it. Employ’s 2025

Recruiter Nation Report (https://pages.employinc.com/rs/659-JST-226/ima

ges/2025-Employ-Recruiter-Nation-Report.pdf) found broad AI use in

recruiting, but mostly for support tasks rather than final decision-

making. LinkedIn’s Future of Recruiting 2025 (https://business.linkedi

n.com/content/dam/lem/business/en/hire/resources/future-of-recruiting/future-

of-recruiting-2025.pdf) also reports that 93% of talent acquisition

professionals say accurately assessing skills is crucial for quality of

hire, and 61% believe AI can improve how they measure it. That

is the right framing: AI can support the process, but judgment still

needs to rest on human-reviewed, job-relevant evidence.

How a scorecard should run through the hiring loop

1

Intake
Define job-relevant

attributes and
must-haves

2

Panel design
Assign focus areas
across interviews

3

Calibration
Align on rating anchors

and evidence

4

Interview
Collect observations
against owned areas

5

Submit feedback
Enter scorecards before

peeking or debrief

6

Debrief
Compare evidence, not

personalities
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If you follow that workflow consistently, the scorecard stops being

an afterthought and starts doing its job.
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Common scorecard mistakes and how to
fix them

Most scorecard failures are predictable.

The first is generic criteria. If your scorecard says

“communication,” “leadership,” or “culture fit” without defining

them in role-specific terms, you have created a tidy-looking place

to store opinion. Write criteria as observable, job-linked behaviors

instead. That is not just cleaner. It is more valid, and it is

consistent with the structured interview research summarized by

Huffcutt et al. (https://pubmed.ncbi.nlm.nih.gov/11596806/).

The second is borrowing criteria from the job description instead

of the job itself. SIOP (https://www.siop.org/wp-content/uploads/legacy/SI

OP%20Considerations%20and%20Recommendations%20for%20the%20Validatio

n%20and%20Use%20of%20AI-Based%20Assessments%20for%20Employee%20Se

lection%20010323.pdf) is clear that assessment content should match

actual job tasks and outputs. Pressure-test every criterion against

the work.

The third is an unclear scale. If nobody interprets the ratings the

same way, your debrief becomes translation by committee. Fix

this with plain-language anchors and examples of what qualifies.

The fourth is duplication. If every interviewer assesses everything,

you get repeated questions, weaker comparisons, and fake

consensus. Greenhouse (https://www.greenhouse.com/guidance/how-focus-
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attributes-improve-comparability-of-interview-scorecards) has good evidence

for assigning focused attributes across the panel.

⚠ A useful rule

If three interviewers are all scoring communication and nobody
owns debugging, prioritization, or collaboration in context,
your loop is duplicating effort instead of adding signal.

The fifth is overusing the overall gut rating. I am not against

judgment. Hiring always involves judgment. But the overall

recommendation should summarize the evidence, not replace it.

Then there is score inflation. Some interviewers avoid low scores

because it feels harsh, so everything turns into a polite 3. The fix

is calibration. Show examples of what “meets the bar” and “well

above the bar” actually look like.

A subtler problem is changing the bar midway through the search

without updating the scorecard. If the role priorities change,

update the scorecard explicitly and make clear from which

candidate onward the new version applies. Quietly moving the

goalposts is a good way to make fairness hard to defend.

A scorecard also does not remove bias by magic. What it does do

is make bias easier to spot. If interviewers must point to evidence,

irrelevant preferences have less room to hide. If your criteria are
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sloppy, though, you can encode bias very neatly. “Executive

presence” is a classic example.

That matters even more now because AI use is increasing while

trust remains low. Greenhouse’s 2025 AI in Hiring report

summary (https://www.greenhouse.com/uk/newsroom/an-ai-trust-crisis-70-of-

hiring-managers-trust-ai-to-make-faster-and-better-hiring-decisions-only-8-of-job-s

eekers-call-it-fair) says more than half of job seekers have

encountered an AI-led interview, only 8% consider AI in hiring

fair, and 70% of hiring managers trust AI to make faster and

better decisions. That gap alone is a reason to keep evaluation

grounded in explicit human-reviewed evidence. SIOP (https://www.s

iop.org/wp-content/uploads/legacy/SIOP%20Considerations%20and%20Recomm

endations%20for%20the%20Validation%20and%20Use%20of%20AI-Based%20As

sessments%20for%20Employee%20Selection%20010323.pdf) also says AI

hiring tools should meet the same standards as traditional

selection tools: validity, consistency, fairness, and documented

processes for verification and auditing.

The final sanity check is simple: if your scorecard cannot explain

why one candidate moved forward and another did not, it is

paperwork. If it makes weak reasoning visible early enough to

correct, it is working.
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Conclusion

A scorecard is not the glamorous part of hiring. That is precisely

why it matters. The best ones are simple, specific, and slightly

boring. They make interviewers clearer, debriefs shorter, and

decisions easier to defend.

If you remember only one thing from this book, make it this:

define what the role actually requires, assign ownership across

the panel, and require written evidence before discussion. Most of

the noise in hiring comes from skipping one of those steps.

Across this series, I keep coming back to the same idea: good

recruiting is rarely about adding more process. It is about making

judgment more usable. Scorecards do that when they are tied to

the work, completed on time, and treated as part of the interview

design rather than paperwork after the fact.

You do not need a perfect system. You need one that makes weak

reasoning harder, strong evidence easier to compare, and debriefs

less dependent on whoever spoke first with confidence.
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Glossary

AI (Artificial Intelligence) — Software that performs tasks
such as generating text, summarizing information, or spotting
patterns.

API (Application Programming Interface) — A defined way
for software systems to communicate with each other.

Applicant Tracking System — Software recruiters use to
manage candidates, interview stages, and hiring workflows.

Backend engineering — Work focused on servers, databases,
business logic, and the parts of software users do not see
directly.

Culture fit — A vague hiring label often used to describe
personal preference rather than job-relevant behavior.

Debugging — Finding, isolating, and fixing the cause of a
software problem.

Debrief — The post-interview discussion where the panel

compares feedback and decides whether to move a candidate
forward.

Machine learning (ML) — A branch of AI where systems
learn patterns from data to make predictions or decisions.

Pager — An on-call alerting system used to notify engineers

about production issues.

Production — The live software environment real users
interact with.
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Site Reliability Engineer (SRE) — An engineer focused on
keeping production systems reliable, available, and
recoverable.

System design — Discussion or evaluation of how software
components should be structured, connected, and scaled.

Threat modeling — A way of identifying how a system could
be attacked or misused so teams can design better protections.

Trade-off — A decision where improving one thing, such as

speed, cost, or simplicity, may make another thing worse.

Whiteboard puzzle — A stylized technical interview exercise
that may test solving a neat problem more than doing the real
job.
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